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EVALUATING Al RESPONSES IN LITERATURE TEACHING: THE LITERARY
INTERIOR IN KAZAKH PROSE

This article examines the methodological potential of generative language models for developing
philology students’ ability to analyse and interpret the poetics of the interior in literary texts. The empirical
basis of the study is an initial dialogue with Google Gemini held in February 2026 and the responses to the
same prompts put to Gemini, ChatGPT and Claude eight months later. The models’ responses were
compared against predefined criteria, and their statements about the interior in Mukhtar Magauin’s novel
Zharmak were checked against the text of the novel and a published literary review. The analysis showed
that all the models were useful as a source of methodological guidance. The analytical guestions they
proposed are consistent with the theories of literary space developed by Yuri Lotman, Gaston Bachelard and
Alexander Chudakov, and they used the conceptual vocabulary of the traditional Kazakh dwelling correctly.
In the close analysis of a specific literary text, however, their reliability proved limited. Of Gemini’s 11
claims, only 2 were fully and 6 partly confirmed. ChatGPT confined itself to directing the user back to the
text, while Claude drew on web sources. The novel's key spatial details, which none of the models quoted,
emerged only through close reading. The study produced a three-stage model for teaching work with
artificial intelligence in university philology courses and a seminar tasks that develops students’ critical
analysis skills.

Keywords: generative artificial intelligence, large language models, teaching literature, literary interior,
literary space, Kazakh literature.

Introduction

Whether philology students will use generative language models is no longer an open question.
They already do. For a literature teacher the more useful question is at which point in working with
a literary text the model helps a student think and at which point it begins to do the thinking instead.
University responses so far swing between prohibition and quiet acceptance, and neither gives
teachers a method.

The research picture is mixed. A review of 48 peer-reviewed studies of large language models
in literary studies identifies eight areas of use, from metaphor interpretation to translation, and four
persistent limitations: bias in training data, dependence on human checking, weak handling of long
and complex narratives, and shallow reasoning [1]. The models are not poor readers, though. Expert
judges rated GPT-4’s interpretations of unfamiliar poetic metaphors above those written by college
students [2]. In an undergraduate literature course, texts produced by ChatGPT outscored student
texts on setting, theme and tone, even though students trusted the human-written texts more [3].

Fluent output is not evidence of learning. In a randomised study, ChatGPT support raised essay
scores but produced no gain in knowledge or transfer, an effect the authors call metacognitive
laziness [4]. In a field experiment, unrestricted access to GPT-4 improved scores on practice
problems but lowered scores on a later exam taken without Al by 17%, while a version that offered
hints instead of finished solutions did no such harm [5]. Sycophancy is a separate problem: systems
trained on human preference ratings tend to agree with the user at the expense of accuracy [6]. That
is a real risk for a student who arrives with a thesis already in mind.
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In Kazakhstan the question also has a regulatory side. The Concept for the Development of
Acrtificial Intelligence for 2024-2029 calls for wider use of Al in university programmes and for
continuous training of teaching staff [7]. The Al-Sana programme aims to build Al competencies
among bachelor’s, master’s and doctoral students [8], and the Law on Atrtificial Intelligence sets out
the principles of transparency and the priority of human will [9]. Local empirical evidence is still
thin. A quasi-experiment with literature students found higher academic results when ChatGPT and
other tools were built into classes on ethnocultural codes [10]. Surveys show ambivalence: students
find ChatGPT useful yet worry about losing their own writing skills [11], and they believe Al
develops technical skills better than interpersonal ones [12]. Culture matters as well. The values
expressed by these models lean towards English-speaking and Western European cultures [13], and
their scores drop noticeably on tasks involving the Kazakh language and regional knowledge [14].

The literary interior is a good place to test these risks. For Yuri Lotman, space in a literary
work is a model of the world built from oppositions and boundaries, and crossing a boundary is an
event [15]. Gaston Bachelard read the house, with its corners, chests and wardrobes, as a map of
inner life [16]. Alexander Chudakov showed that the way a writer selects and presents objects is a
poetics in its own right, one that characterises people and their world [17]. Analysing an interior
therefore asks three things of a student: general analytical categories, attention to specific detail, and
knowledge of the cultural code. Our expectation was that a model would readily supply the first and
would be unreliable on the other two.

Existing studies compare groups of students or rate the quality of Al-generated texts. Few look
at the dialogue itself, and we found no study in which the same dialogue about Kazakh literature
was run through several models and repeated over time. This gap shapes the present article.

The aim of the study is to compare the epistemic behaviour of generative models in a research
dialogue about interiors in Kazakh literature and to derive recommendations for university literature
courses. The objectives are: 1) to describe what the models’ responses do in the original dialogue
and in its replications; 2) to check the models’ claims about a specific novel against secondary
sources and against the text; 3) to compare the models with each other and one model with itself
over time; 4) to propose indicators for evaluating Al responses and a way of using them in class.
The object of the study is the use of generative Al in university literature teaching. The subject is
the function and reliability of language model responses in a dialogue about the literary interior.

Novelty. The study compares three models on identical prompts, checks their claims in two
stages up to the primary source, and repeats the test for one model after eight months. Practical
value. It offers operational indicators that a teacher can use to evaluate Al responses and a seminar
task built on real model output. Hypothesis. The models are comparable in suggesting directions,
categories and structure but differ substantially in epistemic behaviour: in their readiness to
challenge the user’s framing, in their use of sources, and in the reliability of what they say about a
specific Kazakh text.

Materials and methods

Material. The starting point is a dialogue between the first author and a custom assistant called
“Literature Interior designer”, built on Google Gemini with the Gems feature, in February 2026. It
contains four prompts: on the qualities of a reviewer who studies interiors in literature; on choosing
a topic for an article about interiors in Kazakh literature; on narrowing the topic “The
‘Khrushchyovka’ vs. The Steppe: Post-Nomadic Displacement” into a thesis and an outline; and on
Mukhtar Magauin’s novel Zharmak. The dialogue was exported to a text document, and a fragment
of one response that had been pasted twice was excluded.

Replication. On 23 September 2026 the same four prompts were given, word for word and in
the same order, to three systems, each in a new chat (Table 1). Access conditions were not identical,
and we take this into account when interpreting the results. In the first ChatGPT session a typing
error merged the second prompt with the first, so the session was restarted and only the second
session is analysed.
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Table 1 - Conditions of the four sessions

Session Date System and model Access conditions
Gemini-02 February 2026 Google Gemini, custom | Author’s account; the Gem’s own system
Gem; model version not | instructions were active
recorded
Gemini-09 September 2026 Google Gemini, 3.5 Not signed in; response 2 displayed links to travel
Flash-Lite websites
ChatGPT September 2026 OpenAl ChatGPT, Not signed in; web search used in response 3

default model (the
interface does not name
the version)

Claude September 2026 Anthropic Claude, Opus | Author’s account, incognito mode; the account
5.5 (Medium setting) had personal preferences asking the model to test
the user’s claims critically; web search used in
response 4

Note: compiled by the authors

Design and indicators. We used a comparative case study with qualitative content analysis.
The unit of analysis is one model response to one prompt, sixteen responses in total. The indicators
are defined operationally (Table 2), so the counts can be reproduced from the transcripts.

Table 2 - Operational definitions of the indicators

Indicator Definition

Response length Number of words in the model’s responses

Kazakh authors and works named Specific writers or texts the model proposed as material, not counting the
novel named by the user

Reference to the corpus A response in which the model asks which texts the work will rest on, or
insists that the thesis be tested on specific texts first

Challenge to the framing A response in which the model questions the user’s wording, term or thesis

Opening praise The first sentence of the response praises the user or the user’s choice

Claims about Zharmak Information about the novel’s content, motifs or publication history given by
the model beyond what the user said

Sources Links, quotations or signs of a completed search accompanying the claims

Note: compiled by the authors

Checking the claims took two stages. First, the claims about Zharmak were compared with a
published review [18]. Second, they were compared with an electronic edition of the novel itself,
about 57,000 words long and dated by the author “18.1-9.11, 2007, Prague” [19]. We searched it for
key words (pater, kitap, sore, stol, tér, bosaga, aina, zhusan, korshi, teledidar, qolzhazba and others)
and read each hit in context. Each claim was then coded as confirmed, partly confirmed (the fact is
in the text but the interpretation or a detail belongs to the model), not confirmed, or evaluative.

Why these methods. A case study suits an exploratory question. We were interested less in
how often something happens in a population than in how a model’s answer helps or hinders a
student. Repeating the prompts verbatim makes the comparison reproducible, and checking claims
in two stages separates a claim that cannot be confirmed from one that is false.

Results and discussion

Overview. Table 3 gives the quantitative indicators for the four sessions.
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Table 3 - Indicators of the models’ responses

Indicator Gemini-02 Gemini-09 ChatGPT Claude
Response length, words 1844 1472 3978 2526
Kazakh authors and works named 3 (1 not found) 1 5 1
Reference to the corpus, responses out | 0 0 3 3
of 4
Challenge to the framing, responses 0 0 2 4
out of 4
Opening praise, responses out of 4 3 1 1
Claims about Zharmak 11 5 0
Claims with a source 0 0 n/a
Note: compiled by the authors from the session transcripts

All four sessions were useful in the same respects. Each model proposed research directions,
analytical categories and a structure for the paper. The first answer from every model is essentially
a list of questions to ask of an interior, and nearly every question maps onto classical theory,
although only Claude names that theory. “Who sits where, who stands by the window” is Lotman’s
spatial hierarchy and boundary [15]. “The room as a reflection of the character’s inner state” is
Bachelard’s topography of intimacy [16]. “Anachronisms in the furnishings” and “materials that
give away social status” are Chudakov’s object as characterisation [17]. All the models also
supplied cultural vocabulary (tor, shanyraq, tekemet, syrmaq, tus kiiz, quraq kérpe and others) and
used it broadly correctly. The differences were in emphasis. ChatGPT gave the strictest
methodological rule: read the room as carefully as the character, but never let the room say more
than the text can support. Claude warned that an editor trained only on Western interiors will turn
personal taste into a norm. Gemini-09 drew on the vocabulary of design magazines (Eames, wabi-
sabi) and ended with a quotation from an interior designer whose origin we did not verify.

Epistemic behaviour. The main differences appeared in the third and fourth turns, when the
user brought a framing of his own and then a specific novel. Both Gemini sessions accepted the
“Khrushchyovka versus the steppe” framing without objection and expanded it into an outline.
ChatGPT suggested dropping the “vs.” because the opposition oversimplifies the relationship, and
noted that the word “displacement” assumes the conclusion in advance; it supported this with web
sources on Soviet mass housing. Claude said the framing “skips the middle”, meaning forced
sedentarisation, the famine of the early 1930s, dugouts and collective-farm houses, and that it
romanticises a steppe which, for the generation of collectivisation, was a place of starvation. Both
models insisted that the thesis be tested on two or three specific texts. In none of its eight responses
did Gemini ask which texts the user had read, and in February it opened three answers with praise
(“What a brilliant niche”, “a poignant and intellectually rich choice”, “the perfect literary anchor for
your thesis”). This fits the pattern of sycophancy described in the literature [6].

Claims about Zharmak. Table 4 shows the results of the two-stage check.

Table 4 - Status of the models’ claims about Zharmak after checking against the text

Status Gemini-02 (n =11) | Gemini-09 (n=5) | ChatGPT (n=0) Claude (n=8)
Confirmed 2 3 n/a 5
Partly confirmed 6 2 n/a 2
Not confirmed 2 0 n/a 1
Evaluative 1 0 n/a 0
Note: compiled by the authors; checked against the review [18] and the text of the novel [19]
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At the first stage, using the review, only two of Gemini’s eleven February claims could be
confirmed: the year of publication and the motif of the double, Murat and his double Marat [18].
The rest looked invented: the hero’s flat, a library as the “last trench” of identity, books squeezed
into a cramped room, “stale air” against “the scent of wormwood”. Reading the novel changed the
picture. The narrator lives in a “jadau, jarly pater”, a shabby, poor flat in a housing estate, with a
kitchen of “nebéri segiz sharshy metr” (a mere eight square metres), a narrow corridor and one
room that serves as study, bedroom and guest room at once. Books cover three walls, “half on the
shelves, half on the floor” [19]. Six of the model’s claims were therefore coded as partly confirmed:
the fact is in the text, but the interpretation (“the last trench of Kazakh identity”) or the detail (“a
dusty room”, “books on the Horde and the Khanate”) comes from the model. Two claims are not
supported. The word “jusan” (wormwood) does not occur in the novel, and instead of noisy
neighbours and street traffic the text describes silence and darkness in which not even the headlights
of cars on the wide street can be seen.

This result matters more than a simple error count. Gemini’s guesses were plausible for the
genre. A scholar’s cramped flat full of books is a typical setting in post-Soviet fiction about the
intelligentsia, and the model guessed it. But the guess was presented as knowledge, without a single
quotation or page number, and it was mixed with invented sensory details set in quotation marks as
though they were quotations. For a student this is the hardest kind of error to spot, because a partial
match with the text lends credibility to the invented parts as well. It is also telling that the review
could not separate the lucky guesses from the inventions. Only reading the novel could.

Eight months later Gemini followed the same approach: five claims, none with a source. Three
are confirmed (publication in the mid-2000s, political critique, books and manuscripts in a cramped
room) and two partly confirmed; the label “magical realism”, for instance, is the model’s, although
the novel does contain fantastic episodes. The length and tone of the answers changed. The attitude
to sources did not. ChatGPT made no claims at all about the content of the novel. It suggested first
building a table of the novel’s spatial vocabulary and warned that the strongest argument might turn
out not to be “Khrushchyovka versus the steppe” at all. Claude searched the web and correctly
described the novel’s frame: the narrator presents the text as someone else’s manuscript and lists the
titles he rejected (“Qily taghdyrlar”, “Koélenke”, “Synar”, “Astar”, “Sllde”) before choosing
Zharmak, “a part of the whole, its second half” [19]. It was wrong, however, in saying that the
novel moves between the nineteenth century and the present, and it could not establish the year of
publication, which it stated openly.

What the text itself offers. None of the models quoted the novel even once, though quotation
is what separates literary analysis from paraphrase. The interior of Zharmak supports analysis along
the lines of all three theories. The writing desk stands “in the tér”, the place of honour in a yurt,
now moved into a room in a standard apartment block. When the double enters the flat, he “stepped
freely over the threshold”, went “straight to the tor” and sat down at the owner’s desk [19].
Crossing the threshold and taking the tor is an event in Lotman’s sense: the double takes the host’s
place [15]. The room is described as tight as a bladder and entirely taken over by books, much like
Bachelard’s shell [16]. A thick candle on the desk takes the narrator back to his childhood in the
aul, when lessons were learned by a home-made oil lamp; the choice of that object works as the
kind of characterisation Chudakov wrote about [17]. The contrast is the double’s palace, with
chandeliers shaped like a shanyraq and a dome built in the image of a yurt’s crown: the nomadic
code moves from the dwelling into the decor of power. Interestingly, Claude’s hypothesis that the
standard flat becomes an “unwilling host” to the spatial order of the yurt finds direct support in the
text, although Claude did not know this and said plainly that the thesis “stands or falls on your
texts”.

Interpretation in the light of other studies. These findings agree with the limitations that the
review of LLMs in literary studies attributes to shallow reasoning and data bias [1], and they are
consistent with evidence that models write fluent interpretations [2, 3]. The fluency is there;
grounding in the text is not. The mechanism of cognitive offloading [4, 5] is visible in the very
shape of the February dialogue. Every answer ended by offering the next ready-made product, a
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paragraph, a table or a set of quotations, rather than a question for the student. ChatGPT and Claude
behaved more like a tutor with guardrails, the condition that protected learning in the experimental
evidence [5]. Cultural bias [13, 14] was milder than we expected. The cultural vocabulary was
mostly correct, and the errors lay not in the words but in knowledge of a particular Kazakh text. For
academic integrity the practical lesson is that a log of the student’s dialogue with the model tells a
teacher more than an Al-text detector, and detectors are also known to misjudge writing by non-
native speakers [20]. Assessment should look at the process as well as the product [21].

Limitations. We examined one dialogue scenario, with one run per model. Model output is
stochastic, and a second run could produce different figures. Access conditions differed (Table 1):
the February Gem ran with its own system instructions, ChatGPT and Gemini-09 were used without
signing in, and Claude was used in an account whose personal preferences ask the model to test the
user’s claims critically. That setting probably increased Claude’s readiness to challenge the framing,
so its score on this indicator should be read as an upper estimate. The coding was done by one
researcher, and inter-rater agreement was not measured. The electronic text of the novel was not
collated with a printed edition. The results should therefore be treated as grounded hypotheses for a
study with students.

Conclusion

The hypothesis was confirmed. The models are comparable in what might be called work
before the text: they suggest directions, analytical categories, a structure for the paper and cultural
vocabulary. Their epistemic behaviour differs considerably. In both sessions, eight months apart,
Gemini accepted the user’s framing, did not ask which texts the user had read, and gave details
about the novel without sources. Some of those details turned out to be good genre guesses and
some were invented, and only reading the primary source told the two apart. ChatGPT avoided
claims about the novel’s content and directed the user to the text. Claude drew on the sources it
found, challenged the framing and made one factual error.

For the theory and practice of educational measurement, the study proposes a set of operational
indicators of the epistemic quality of an Al response (Table 2): the share of claims with a source,
the share of claims confirmed by the primary text, how often the model refers the user to a corpus,
and how often it challenges the user’s framing. Teachers can use these indicators when choosing a
tool, and researchers when planning an experiment.

Our practical recommendations fall into three stages. Before the text, Al is acceptable as a
source of directions, questions to ask of an interior and cultural terms, provided these are checked
against a dictionary. Instead of the text, that is, when the model makes claims about the content of a
work, its answer should not be accepted without a page reference and a quotation that the student
has found. After the text, the model is useful as an opponent that looks for objections to the
student’s draft but does not write the analysis. The material of this study yields a ready seminar
task: students receive Gemini’s February answer about Zharmak, check each of its eleven claims
against the novel, and then rewrite the model’s “ready-made paragraph” so that every point rests on
a quotation. The task trains close reading and a critical attitude to Al at the same time, in line with
the goals of the national Al Concept and the Al-Sana programme [7, 8] and with the principle of
human agency in the UNESCO guidance [22].

The next step is a study with groups of philology students in which work across the three
stages is compared with traditional analysis and the quality of students’ interpretations of interiors is
measured with a rubric of tested inter-rater reliability.
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M.E. Ocnanaiasbl, A.K. Kaauesa, H. Temyp

IJIEBUETTI OKBITYJAT'BI KU ’)KAYAIITAPBIH BAFAJIAY: KA3AK
IMPO3ACBIHJAT'BI OIEBU UTHTEPBEP

Makanana TeHepaTUBTI TULMIK MOIETBACPHIH (PHIOIOT-CTYACHTTEPAIH KOPKEM MOTIHAETI WHTEPhEp
MOSTHKACHIH capajiay oHE TYCIHAIPY KY3bIPETiH KaJbINTACTBIPYAAFbl SAICTEMENIK oJIeyeTi 3epHeNeHel.
3epTTeyaiH AMIUpPUKAIBIK Heri3in 2026 sxpuiabiH aknaH aieiHga Google Gemini skylieciMeH KyprizijireH
aJIFalllKbl JUAJIOT MeH apara ceri3 ait canbin Gemini, ChatGPT xone Claude Moaenbaepine Kaita KOMbLIFaH
coliKec cayaiiap HOTWXKECI Kypaabl. MoJienbiep TeHepalysiaFaH jKayanTtap aiJiblH aia OenriieHreH HaKThI
ememMaep OOWBIHIIA CANFAaCTBIPBUIBIN, onapAblH M. MaraynnHiH «OKapmak» poMaHBIHAAFBI HHTEphEpre
KATBICTHl ~MMalbIMJIAyNiapbl IIBIFAPDMaHBIH TYIHYCKA MOTIHIMEH JKOHE oJleOM-ChIHM  peleH3UsIMEH
CaNIBICTBIpbIIAa Tekcepiiai. Tanmay OapbIChl KapacThIPbUIFaH OapiiblK MOICIBIACPIIH diCHAMAJIBIK Oarmap
Oepy HeHreiinae maiaansl OONFaHBIH KepceTTi. JKacaHabl MHTEIJIEKT YCBhIHFAH Tajjaay cypakrapsl 0. M.
Jlotman, I'. banutsp sxone A. I1. UynakoBTBIH KOpKeM KEHICTIK Typasbl TYKbIpbIMAaMalapbIMEH YHAECTIK
TaybIl, Ka3ak JOCTYPJi OaclaHACHIHBIH YFBIMJBIK amllaparhl AYPHIC KONJAHBULABL. Alaila HAaKThl KOPKEM
MOTIHAI TepeH TaljayAda MOAEIbIACPAiH CEHIMIUTIK JeHreHiHIH IIeKTeyli eKeHi aHbIKTanael. Gemini
ycoiHFaH 11 TYXKBIPBIMHBIH TEK 2 TYXKBIPBIMBI TONBIK, 6 TYXBIpbIMBI imriHapa pactannsl. ChatGPT
KOJIJAHYIIBIHBI OacTanKel MOTiHre KalTa OarbiTTaymMen mektenai, an Claude BeG-Iepexkesnepre cyrdeHI.
PomaHHBIH MOH/II KEHICTIK JCTaabaaphl MOJCIBIACD apKbUIBI €MeC, TEK MATIHI MYKHSIT OKY TOCUIIMEH FaHa
alKBIHIANIBL. 3epTTey HOTIKECIH/E JKOFAphl OKY OPBIHIAPHIHBIH (DHUJIOJOTHSUIBIK KypcTapblHA apHAJIFaH
JKaCaHJIbl WHTEIIICKTICH XYMBIC ICTE€yHiH YII KE3€HII OKBITYy YINTICI MEH CTYASHTTEPHAiH CHIHH TaJIay
JaFABICHIH MIBIHIANTBIH CEeMUHAP TarChIpMasapbl 93ipIeH .

TyiiH ce3aep: TeHepaTUBTI KacaHIbl UHTEIUIEKT; YIKEH TUAIK MOJENbIEp; 9eONeTTi OKBITY; 9/1edn
WHTEPbepP; KOPKEM KEHICTIK; Ka3aK o/eOneTi.

M.E. Ocnanaasbl, A.K. Kaiuesa, H. Temyp

OILIEHKA OTBETOB WU B IIPENNOJJABAHUM JUTEPATYPBI: JTUTEPATYPHbBIN
WHTEPBEP B KA3AXCKOM ITPO3E

B craTtbe nzydaeTcs METOAMYECKUN MOTEHIMAT TeHEPATUBHBIX SA3BIKOBBIX MOJIENCH B (POPMUPOBAHUH Y
CTYACHTOB-(HUJIOJIOrOB YMEHHS AaHaJIM3UPOBAaTh W  HMHTEPIPETHPOBATh IO3TUKY HWHTEpPhEpa B
XYAO)KECTBEHHOM TEKCTE. DMIMPHUUYECKYI0O OCHOBY HCCIEIOBAHUS COCTABMJIM IE€PBOHAUYAIBHBINA AUAJNOr C
cucremoit Google Gemini, npoBeaéuuslii B ¢eBpasie 2026 T., 1 OTBETHl HA TE€ € 3AMPOCHI, MOBTOPHO
3aJlaHHbIC CIYCTS BoceMb MecsieB MojenaM Gemini, ChatGPT u Claude. OTBeTsl MOJIECH COMOCTABICHBI
II0 3apaHee YCTaHOBJICHHBIM KPUTEPHUSIM, a UX CyXIeHUs 00 uHTepbepe B pomane M. Marayuna «Kapmaky»
MIPOBEPEHBI 10 TEKCTY MPOM3BEACHUS M JUTEPATYPHO-KPUTUYECKOW peleH3nH. AHaIN3 TOoKas3all, 4To BCe
PacCMOTPEHHBIE MOJEIN OKa3aJIUCh TOJE3HBI HA YPOBHE METOJOJOTHYECKUX OpHEHTHPOB. IIpennoxeHHble
WU Bompock! A aHann3a COTNacyoTCsl ¢ KOHIEIUAMHU XyA0XKeCcTBeHHOTO TipocTpancTsa 0. M. Jlotmana,
I'. bamuspa u A. I1. HUynakoBa, a MOHATUHHBIN annapar TpaJuLHOHHOIO Ka3aXCKOr0 KWIHILA HCIIONb30BaH
KOppEeKTHO. BmecTe ¢ TeM mpu yriryOlneHHOM aHann3e KOHKPETHOTO XYyIOKECTBEHHOI'O TEKCTa Halle)KHOCTh
MoJened okaszaimack orpaHuueHHoi. M3 11 cyxzaenuit Gemini MOJHOCTBIO MOATBEPAMINCH JHIIbL 2,
gactuyHo 6. ChatGPT orpaHuumics TeMm, 4TO BO3Bpalllaj IMOJIb30BaTeNsl K MCxoqHoMy Tekcty, a Claude
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onupaics Ha BeO-MCTOYHHMKH, U U3 8 ero yTBepKIeHHH moATBepAWwIHCh 5. Ilpu 3ToM HU OHA MOJENb He
MprBeTa KOHKPETHBIX LIUTAT U3 pOMaHa. 3HaYMMBbIE TPOCTPAHCTBEHHBIE JIETal poMaHa ObLIN BBISBICHBI HE
C TIOMOULIBIO MOJENEH, a TOJBKO IIyTEM BHHUMATEJIBHOTO uTeHUs TekcTa. Ilo wmrToram wuccnenoBaHus
pa3paboTaHbl TpEeX3TalHas MOJIeNTb 00Y4eHUs paboTe ¢ MCKYCCTBEHHBIM MHTEIIEKTOM ISl (DUIIOIOTHUECKUX
KYpCOB BY30B U CEMHHAPCKHUE 33JaHNs, Pa3BUBAIOIINE Y CTYJEHTOB HaBBIKM KPUTHYECKOIO aHAIN3a.

KialoueBble cJji0Ba: TEHEpPATHBHBIN WMCKYCCTBEHHBIM WHTEIJIEKT; OOJBIINE S3BIKOBBIE MOJIEIH;
MperofaBaHue JIUTEPATypbl; JIUTEPATypHBIA WHTEPhEP; XyI0’KECTBEHHOE MPOCTPAHCTBO; Ka3axcKas
JuTepaTypa.
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